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</> Manual Annotation Systems
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Context is the Key: Example (One Calais)™

January 6, 1984). Ivana became a naturalized United States citizen in 1988. By early 1990, Trump's
troubled marriage to Ivana and affair with actress Marla Maples had been reported in the tabloid
press. They were divorced in 1992.. Trump married his second wife, actress Marla Maples in 1993.

They had one daughter together, Tiffany (born October 13, 1993). The couple were separated in 1997

and | ) Slovene model Melania Knauss,
who e married on January 22, 2005,
at Be nh, Florida. In 2006, Melania
becai have birth to their son, whom
they ¥ his doctor, Harold Bornstein
M.D., were in normal range. Trump
says ncluding marijuana. He also does
not d olism. His BMI, according to his
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The emergence of mutations in the spread of the
coronavirus (SARS-CoV-2) is a natural process.
Mutations can develop during the process of copying
the genetic make-up, when a cell splits. The more
copies of a cell are made, the higher the likelihood that
mutations will come into existence. In the case of the
coronavirus, a much more infectious type (B.1.1.7) has
been recorded in the United Kingdom (UK) since
September 2020, and this virus variant is increasingly
spreading in Germany. Scientists worry that this
mutation is not only significantly more infectious, but
can also cause more severe cases of illness. Most
recently, B.1.617.2 (Delta)hasibeenifoundiinialmost
100 percent of the new confirmed coronavirus (COVID-
19)icasesinGermanyy which illustrates the rapid spread
of this mutation.

—

.

a

Different Typs of SCDs:

Virus mutation
is a normal

interim name

2019-nCoV
process
Date of first
B.1.1.7isa [identified case
mutation of the | of SARS-CoV-
coronavirus 2: December
2019
B.1.617.2 is a Omikron
synonym for |replaces Delta
Delta mutation as global
of the dominant

coronavirus

corona variant
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a S S O C i ate d W it h Win do WS i n d O C u m e n tS Algorithm 1 Forming SCD-word probability distribution matrix §(D)

1: function BUILDMATRIX(Corpus D)
Input: Corpus D
Output: SCD-word probability distribution matrix §(D)
Initialize an m x V matrix §(D) with zeros
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Words in window define word distribution (¢')

* Goal: Estimate MPSCDs for windows in document
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* Each vector v; defined in SCD-word matrix 6( D) defines (Vi1 ovie v Vi |
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an angle with window word vector ¢’

 Define function M PSCD(M, t)

* Provides SCD #; that is associated with SCD-word Ml [vm1 vm2 Vms ot V|
matrix vector v; with smallest angle to window word vector ¢’

Wa ty [Lorem ipaiin dolor st amet)- -

A consectetur adipiscing elit, sed

I T do eiusmod tempor incididunt

\‘g ut|labore eldoloreimagnal+ < G )

aliqua. Dolor sed viverra ipsum
: runc allgUEEBEGm enir I

ta massa tempor nec feugiat.
.t nc aliquet bibend

Wy
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Most-Probably Suited SCDs (MPSCDs)

<annotation2>

<annotation3>

e Given: Sequence of text windows in a (new) document

<annotation1>

Words in window define word distribution (¢’)

e Goal: Estimate MPSCDs for windows in document I
* Each vector v; defined in SCD-word matrix 6( D) defines 075
an angle with window word vector ¢’ 05
* Define function M PSCD(M, t') o
* Provides SCD #; that is associated with SCD-word St L i
matrix vector v; with smallest angle to window word vector ¢’ window

MPSCD with similarity measure is applied to each windw ~f »

ty [Lorem ipaiin dolor st amet)- -

d A consectetur adipiscing elit, sed
OC u m e nt 7(\9} ¢S do eiusmod tempor incididunt o ® )
ut|labore el dolore magnal« < /

aliqua. Dolor sed viverra ipsum
. [ nunc aliguinbibendum enirr: In
ta massa tempor nec feugiat.
>t inc aliquet bibend

Wy
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[3]
Context-specific Corpus Enrichment

* Goal: Add new documents to IR corpus with
an initial set of SCDs already associated with
documents in the corpus
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Context-specific Corpus Enrichment

]

* Goal: Add new documents to IR corpus with
an initial set of SCDs already associated with
documents in the corpus

* Different Categories: sim, unrel, rev, ext

similarity

similarity

1

0.75

0.5

0.25

0.75

0.5

0.25

0 1 2 3 4 5 6 7
window

0 1 2 3 4 5 6 7
window

I revision documen t

similarity

0.75

0.5

0.25

0 1 2 3 4 5 6 7

window

Inunrelated document

0 1 2 3 4 5 6 7
window

I extending document
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Context-specific Corpus Enrichment

* Goal: Add new documents to IR corpus with 1 1
an initial set of SCDs already associated with

documents in the corpus
* Different Categories: sim, unrel, rev, ext

0 1 2 3 4 5 6 7 0 1 2 3 4 5 6 7

* Given: 4 category HMMs, each associated e
with a category label

1 1

0.75 0.75
z z
2 2

2 05 S 05
£ £

0.25 0.25

0 0

0 1 2 3 4 5 6 7 0 1 2 3 4 5 6 7
window window
I revision documen t I extending document
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Context-specific Corpus Enrichment

* Goal: Add new documents to IR corpus with 1 1
an initial set of SCDs already associated with
documents in the corpus
* Different Categories: sim, unrel, rev, ext

* Given: 4 category HMMs, each associated N L
with a category label 1 1
* HMM Learning by using Baum-Welch
Algorlthm S, @ Related content 5 : g o

-
or 0.25 0.25
A=P(S: ] 5ia) Unrelated content . .
B:P(Ot | St) @ MPSCD S|m||ar|ty Value I revision documen t Iextending document

of the window (discretized)
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Context-specific Corpus Enrichment

* Goal: Add new documents to IR corpus with 1 1
an initial set of SCDs already associated with
documents in the corpus
* Different Categories: sim, unrel, rev, ext
* Given: 4 category HMMs, each associated C e ’ e
with a category label 1 1
* HMM Learning by using Baum-Welch
Algorlthm S, @ Related content 5 : g o
-
or 0.25 0.25
User input A= Pl5 | Sia) Unrelated content . .
require d 0 1 2 viindoilv 5 6 7 0 1 2 ‘Sindoilv 5 6 7
B P(Ot | St) @ MPSCD S|m||ar|ty value I revision document Ilextending document

of the window (discretized)
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Context-specific Corpus Enrichment - Decision Making Process

<annotation2>

<annotation3>

<annotation1>

Given: new document Determine the MPSCD sequence for the
window sequence of the new document
based on available SCD-word distribution

. Vi1 V12 vi3 ottt Vi

. 21 V22 V23 V2 0.75
. 0.5
- | Vm,1 Vm,2 Vm,3 Vm,n | 0.25
Given: SCD-word distribution of IR corpus

0 - |
2 3 4 ..
window
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Context-specific Corpus Enrichment - Decision Making Process

wing wWing wing WIN4

<annotation2>

<annotation3>

<annotation1>
Yl Ym Ym Ym

Discretize similarity values:

iven: Determine the MPSCD sequence for the
Given: new document d :0 =03,y :0.3 —0.75, y,:0.75 — 1

window sequence of the new document
based on available SCD-word distribution

. Vvi,1 vi2 Vi3 ot Vinp
0.75
. o1 V22 V23 s V2

0.5

V, \% Vv e Vv
- i m,1 m,2 m,3 m,n | 0.25

Given: SCD-word distribution of IR corpus

window
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Context-specific Corpus Enrichment - Decision Making Process

wing wWing wing WIN4

<annotation2>

<annotation3>

<annotation1>

Yl Ym Ym Ym

Discretize similarity values:

Given: new document Determine the MPSCD sequence for the
window sequence of the new document y:0-03,,:03-0.75,y,:0.75 — 1
based on available SCD-word distribution Determine MPE sequence w.r.t. each

category HMM on sequence of MPSCD
wq wo w3 Wn 1 .. .
i i similarity values.

. Vi1 V12 vi3 ottt Vi

. V2,1 V2,2 V2,3 .. V2,n 0.75

. 0.5

- _Vm,l Vm,2 VYm,3 *°° Vm,n | 0.25

Given: SCD-word distribution of IR corpus

window
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Context-specific Corpus Enrichment - Decision Making Process

Given: new document

wq wo w3 wn
. vi, 1 V12 vi3 o Vi
. o1 V22 V23 - V2

B
3
o
3
W
B
3

g
& UNIVERSITAT ZU LUBECK
INSTITUT FUR INFORMATIONSSYSTEME

<annotation2>

<annotation3>

<annotation1>

Determine the MPSCD sequence for the
window sequence of the new document
based on available SCD-word distribution

1

0.75

0.5

0.25

0 - |
2 3 4 ..
window

Context-aware Corpus Annotation Using Subjective Content Descriptions

wing wWing wing WIN4

Yl Ym Ym Ym

Discretize similarity values:
y:0-03,y,:0.3-0.75, 5,:0.75 - 1

Determine MPE sequence w.r.t. each
category HMM on sequence of MPSCD
similarity values.

Take category of HMM with most-likely
MPE sequence as classification
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Given: new document
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<annotation2>

<annotation3>

<annotation1>

Determine the MPSCD sequence for the
window sequence of the new document
based on available SCD-word distribution

1

0.75

0.5

0.25

. 2 3 4 ..
window
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wing wWing wing WIN4

Yl Ym Ym Ym

Discretize similarity values:
y:0-03,y,:0.3-0.75, 5,:0.75 - 1

Determine MPE sequence w.r.t. each
category HMM on sequence of MPSCD
similarity values.

Take category of HMM with most-likely
MPE sequence as classification

Extend corpus based on document
category and transfer SCDs above a
threshold
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Context-specific Corpus Enrichment - Decision Making Process

Given: new document

wq wo w3 wn
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<annotation2>

<annotation3>

<annotation1>

Determine the MPSCD sequence for the
window sequence of the new document
based on available SCD-word distribution

1

0.75

0.5

0.25

0 - |
2 3 4 ..
window

Context-aware Corpus Annotation Using Subjective Content Descriptions

wing wWing wing WIN4

Yl Ym Ym Ym

~ Focus on SCD similarity values
Discretize similarity values:

y:0-03,y,:0.3-0.75, 5,:0.75 - 1

Determine MPE sequence w.r.t. each
category HMM on sequence of MPSCD
similarity values.

Take category of HMM with most-likely
MPE sequence as classification

Focus on content of SCDs
Extend corpus based on document
category and transfer SCDs above a
threshold

10
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Corpus-Driven Document Enrichment using SCDs
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Corpus-Driven Document Enrichment using SCDs

- Duis autem vel eum iriure dolor in hendrerit in vulputate

= . <annotation2> velit esse molestie consequat, vel illum dolore eu feugiat

zns.ectetur }adlplsar]g egd s:td nulla facilisis at vero eros et accumsan et iusto odio

ut S ’ewa emporu dignissim qui blandit praesent luptatum zzil delenit augue
! : Hag M Lorem m dolor sit

aliqua. Dolor sed viverra ipsum [ amet, consectetuer adj lit. sed Los S

nunc aliquet bibendum enim. In nibh evismod tinciunt ut laoreet dolore magna aliquam

<annotation2>

massa tempor nec feugiat.
nc aliquet bibend
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Corpus-Driven Document Enrichment using SCDs

I

- - Duis autem vel eum iriure dolor in hendrerit in vulputate

(Lo :,c;?m gplqrgt ag’?;d velit esse molestie consequat, vel illum dolore eu feugiat

ZZ" ) ur'.ta ipisang a; d nt nulla facilisis at vero eros et accumsan et iusto odio

ut , emporu dignissim qui blandit praesent luptatum zzil delenit augue
abore eiEGIGISINAg Cduis doloreterelgamnlia 1acilis.) Lorem ipsum dolor sit

aliqua. Dolor sed viverra ipsum :

o aliguet bibendm enm. n  amet, conso S rOr i T |

q : nibh euismod tincidunt ut laoreet dolore magna aliquam

<annotation2>

massa tempor nec feugiat.
nc aliquet bibend oratwlipal. =

Goal: Enrich a document with relevant SCDs associated with other
documents in an IR-corpus.

RST
GERSIT
g "

g
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Corpus-Driven Document Enrichment using SCDs

-

Iterative SCD Enrichment of documents [

. I

I

- - Duis autem vel eum iriure dolor in hendrerit in vulputate

(LoremiSE et - velit esse molestie consequat, vel illum doloreeufg:ltgiat

oonsgdetur adip 1aing ‘.am’ sed nulla facilisis at vero eros et accumsan et iusto odio

do eiusmod tempor indididunt <annotation3> dignissim qui blandit praesent luptatum zzil delenit augue
! —— [ duis doloreteieigamnulia faciis.] Lorem ipsum dolor sit

aliqua. Lolor sed viverra ipsm [ amet, consectetuer adipiacing elt, sed diam nonummy |

nunc aliquet bibendum enim. In nibh euismod tincidunt ut laoreet dolore magna aliquam

massa tempor nec feugiat.
nc aliquet bibend oratwipal. =

<annotation2>

Goal: Enrich a document with relevant SCDs associated with other
documents in an IR-corpus.

Fixed-point iteration procedure:
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GERSIT
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Corpus-Driven Document Enrichment using SCDs

[Lorem ipsuim dolor sit amet)-
consectetur adipiscing elit, sed

do eiusmod tempor incididunt
iaore £ e
aliqua. Dolor sed viverra ipsum

nunc aliquet bibendum enim. In

massa tempor nec feugiat.
inc aliquet bibend

documents in an IR-corpus.

Fixed-point iteration procedure:

Iterative SCD Enrichment of documents D

<annotat|on1>

Duis autem vel eum iriure dolor in hendrerit in vulputate
velit esse molestie consequat, vel illum dolore eu feugiat
nulla facilisis at vero eros et accumsan et iusto odio
dignissim qui blandit praesent luptatum zzil delenit augue
Lorem ipsum dolor sit
| amet, consectetuer adipiscing elit, sed diam nonummy |

nibh euismod tincidunt ut laoreet dolore magna aliquam

<annotation2>

Goal: Enrich a document with relevant SCDs associated with other

» determine the expected related documents in IR-corpus D,

>

IR-corpus

related—documents(d;, IR—corpus)
* Subset of IR—corpus
— topic—similar documents whose
— SCDs are SCD—similar to d,

d; - related
documents
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o Golor it Duis autem vel eum iriure dolor in hendrerit in vulputate
| ’g’;ﬁ“’" di e 4 ell 'lte!;d velit esse molestie consequat;| vel illum dolore eu feugiat]
go;n . :Cr“a 1pisang d" d nt nulla facilisis at vero eros et accumsan et iusto odio
ut| le:!usz o dolﬂ lore,F crnl1 ';a N u dignissim qui blandit praesent luptatum zzril delenit augue
; - g—l. Cduis doloretereigamnlia 1acilis.) Lorem ipsum dolor sit
aliqua. Ior sed viverra lpsunl'l | amet, consectetuer adipiscing elit, sed diam nonummy |
n nibh euismod tincidunt ut laoreet dolore magna aliquam
inc aliquet bibend erat volutpat.

Goal: Enrich a document with relevant SCDs associated with other
documents in an IR-corpus.

Fixed-point iteration procedure:

» determine the expected related documents in IR-corpus D,

« determine the set of SCDs T from D that are newly added to d, then
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Corpus-Driven Document Enrichment using SCDs

[4]

.

<annotation3>

. . Duis autem vel eum iriure dolor in hendrerit in vulputate
|Lorem ipsum dolor amet k <annotation2> velit esse molestie consequat;| vel illum dolore e feugiat|
oonsga‘etur adipiscing elit, sed nulla facilisis at vero eros et accumsan et iusto odio
gtol /%o; m’; nglfum dignissim qui blandit praesent luptatum zzril delenit augue
} [ duis doloreteeligamnlia faciis.] Lorem ipsum dolor sit
aliqua. Loior sed viverra ipsiim : [amet, consedietuer adipiading &lif, sed diam nonummy |
[ nunc aliqUerBIB&RGLm enirt: In nibh euismod tincidunt ut laoreet dolore magna aliquam

massa tempor nec feugiat.
nc aliquet bibend M

<annotation2>

Goal: Enrich a document with relevant SCDs associated with other
documents in an IR-corpus.

Fixed-point iteration procedure:

» determine the expected related documents in IR-corpus D,
« determine the set of SCDs T from D that are newly added to d, then

INSTITUT FUR INFORMATIONSSYSTEME

S UNIVERSITAT ZU LOBECK Context-aware Corpus Annotation Using Subjective Content Descriptions

Topic similarity
SCD similarity
Frequency

d, - related
documents

expected—relevance(t, d,)

* estimates relevance of f w.r.t. d by
document d.:

Mean topic similarity of related
documents containing SCD ¢

Mean SCD similarity to related
documents containing SCD ¢

Number of related documents in
which SCD 7 occurs
mean—expected—relevance(d,)
average expected relevance value of SCDs in
d; -related documents
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o Golor it Duis autem vel eum iriure dolor in hendrerit in vulputate
| ’g’;ﬁ“’" di e 4 ell 'lte!;d velit esse molestie consequat;| vel illum dolore eu feugiat]
go;n . :Cr“a 1pisang d" d nt nulla facilisis at vero eros et accumsan et iusto odio
ut| le:!usz o dolﬂ lore,F crnl1 ';a N u dignissim qui blandit praesent luptatum zzril delenit augue
; - g—l. Cduis doloretereigamnlia 1acilis.) Lorem ipsum dolor sit
aliqua. Ior sed viverra lpsunl'l | amet, consectetuer adipiscing elit, sed diam nonummy |
n nibh euismod tincidunt ut laoreet dolore magna aliquam
inc aliquet bibend erat volutpat.

Goal: Enrich a document with relevant SCDs associated with other
documents in an IR-corpus.

Fixed-point iteration procedure:

» determine the expected related documents in IR-corpus D,

« determine the set of SCDs T from D that are newly added to d, then
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Corpus-Driven Document Enrichment using SCDs

S p O

<annotation3>

.- related
documents
Lorem| dolor sit amet Duis autem vel eum iriure dolor in hendrerit in vulputate
| rg?m di s elit J;ed velit esse molestie consequat;|vel illum dolore eu feugiat|
Z?Jn ] :cr/ ?empolpmr',g of:d nt nulla facilisis at vero eros et accumsan et iusto odio
ut Igllylorsz et dalorer’;;vaagna }u4 dignissim qui blandit praesent luptatum zzril delenit augue
! j i Cduis doloretereigamnlia 1acilis.) Lorem ipsum dolor sit
aliqua. Dolor sed viverra ipeum [ amet, consectetuer adipisaing elil, sed diam nonummy |
ma_ empor nec feumgiat - nibh euismod tincidunt ut laoreet dolore magna aliquam
nc aliquet bibend erat volutpat.

Goal: Enrich a document with relevant SCDs associated with other
documents in an IR-corpus.

Fixed-point iteration procedure:

» determine the expected related documents in IR-corpus D,
« determine the set of SCDs T from D that are newly added to d, then

» determine the expected related documents D again, and so one
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SN Re)

documents
- - Duis autem vel eum iriure dolor in hendrerit in vulputate
(LorermiF Z?I‘?’ i ae’;ﬁjsed velit esse molestie consequat;| vel illum dolore eu feugiat]
gzn;ic;it:cr“a P Iscr,:,gadlltdu nt nulla facilisis at vero eros et accumsan et iusto odio
ut] T dole! lomwa_ma 9"—‘_"'}‘ dignissim qui blandit praesent luptig;f;n zirgg?éltofzgue
aliqua. Dolor sed viverra ipsum [amel, consedieluer adjpiasing e, séddiam nonummy |
In Sannotation == nibh euismod tincidunt ut laoreet dolore magna aliquam
massa tempor nec feugiat. erat volutpat
Goal: Enrich a document with relevant SCDs associated with other
documents in an IR-corpus.
Fixed-point iteration procedure:
» determine the expected related documents in IR-corpus D,
« determine the set of SCDs T from D that are newly added to d, then
» determine the expected related documents D again, and so one
 until no more SCDs are assigned to document d.
S UNIVERSITAT ZU LOBECK Context-aware Corpus Annotation Using Subjective Content Descriptions 11

INSTITUT FUR INFORMATIONSSYSTEME
[4] Felix Kuhr, Bjarne Witten, Ralf Méller: Corpus-Driven Annotation Enrichment. Proceedings of the 13th IEEE International Conference on Semantic Computing (ICSC-19), 2019




[4]
Corpus-Driven Document Enrichment using SCDs

N RN

<annotation3>

d ocuments

o SISt amet Duis autem vel eum iriure dolor in hendrerit in vulputate
| rggglm di oS olit Jsed <annotation2> velit esse molestie consequat;| vel illum dolore eu feugiat]
ZZ” cl:(; ta 1pIsaing € d” ot nulla facilisis at vero eros et accumsan et iusto odio ich(d.. IR
o Ile’“m; - dmrl;?,;ag@lu dignissim qui blandit praesent luptatum zzil delenit augug ~ €NT1C (d;, —corpus)

abor - " duis doloraTeTElgEREIA TAGS.) Lorem ipsum dolor sit .
aliqua. Dolor sed viverra lpsunlv [ amet, consedtetuer adipiscing eli, sed diam nonummy | * AddSCD 7 tod, if
[ nunc aliqueBibendum eniri: In annotation nibh euismod tincidunt ut laoreet dolore magna aliquam

<annotation2>

massa tempor nec feugiat.
nc aliquet bibend M

expected—relevance(t, d,.) > mean—expected—relevance(d,)
Goal: Enrich a document with relevant SCDs associated with other

documents in an IR-corpus.

* lterative enrichment process

leed-pomt iteration procedure" Related documents changes with enriched SCDs

» determine the expected related documents in IR-corpus D,
determine the set of SCDs T from D that are newly added to d, then Value of SCD similarity of d, to related documents
determine the expected related documents D again, and so one increases in a negligible way

until no more SCDs are assigned to document d.
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[4] Felix Kuhr, Bjarne Witten, Ralf Méller: Corpus-Driven Annotation Enrichment. Proceedings of the 13th IEEE International Conference on Semantic Computing (ICSC-19), 2019

* Terminating enrichment process
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e Given: document dj from IR-corpus D

* Question: What is the expected
relevance value of an SCD associated to a
related document?
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Expected Relevance Value

Relevance of an SCD
depends on the information

e Given: document dj from IR-corpus D
need of a user

* Question: What is the expected
relevance value of an SCD associated to a

related document? /

t amet, |
consectetur adipisang elit, sed
dd eiusmod tempor incididunt @
ut labore et dolore magna

80 Doior SN (.1 oo 1
nuncaliquet bibencum enim. ln

massa tempor nec feugiat.

* Some ways to adjust performance: prbibedy eg;
 Similarity between documents T
e Similarity between SCDs
* Frequency of SCDs

<annotation1>
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Bootstrap Approaches for SCDs

. (5]
Inline SCDs

=
a
&

o

[5] Felix Kuhr, Magnus Bender, Tanya Braun, Ralf Méller: Context-specific Adaptation of Subjective
Content Descriptions. 15th IEEE International Conference on Semantic Computing, (ICSC 2021)
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Bootstrap Approaches for SCDs

. [5]
Inline SCDs

* Given: SCD word distribution, trained HMM to detect inline SCDs in text

[5] Felix Kuhr, Magnus Bender, Tanya Braun, Ralf Méller: Context-specific Adaptation of Subjective
Content Descriptions. 15th IEEE International Conference on Semantic Computing, (ICSC 2021)
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Bootstrap Approaches for SCDs

. [5]
Inline SCDs

e Given: SCD word distribution, trained HMM to detect inline SCDs in text

* Estimate MPSCDs and use trained HMM to analyse sequence of
corresponding SCD similarity values
*  Small similarity values = different content 2 new inline-SCDs
* Inline-SCD = Content of window
* Inline-SCD represent new row in SCD word matrix

*  HMMs given as user input

d.d.d.d d d.d d d d d. d d. d d d. d d. d. d
Wy Wg W3 Wy Wy Wg W7 Wg WqgWiWijWigWisWiq¥1sW1eW17WisW19¥20

wznd:t,/’i

~ ~ v ~ ~ ~ ~ ~ ~ ~ g

4..4.4 4.4'4.4 A

[5] Felix Kuhr, Magnus Bender, Tanya Braun, Ralf Méller: Context-specific Adaptation of Subjective

Content Descriptions. 15th IEEE International Conference on Semantic Computing, (ICSC 2021)
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Bootstrap Approaches for SCDs

) [5]
Inline SCDs

e Given: SCD word distribution, trained HMM to detect inline SCDs in text

* Estimate MPSCDs and use trained HMM to analyse sequence of
corresponding SCD similarity values
*  Small similarity values = different content 2 new inline-SCDs
* Inline-SCD = Content of window
* Inline-SCD represent new row in SCD word matrix

*  HMMs given as user input

wf wf w§ wf wf w w wf wiwgefw e w fw et e ety Similarity value Oig
v > |
NN
>
| I N
>
- sy .
[ I N -
S NN N
N [ I N .
-~
3 —— S >
£ [ = .
3 ] N ] .
[ N | .
N N | .
AW .
W v vV vV vV vV VvV vV vV v v k W l

[5] Felix Kuhr, Magnus Bender, Tanya Braun, Ralf Méller: Context-specific Adaptation of Subjective

Content Descriptions. 15th IEEE International Conference on Semantic Computing, (ICSC 2021)
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Bootstrap Approaches for SCDs

(6]

| Adapting SCD word distribution from another IR-corpus

5
Inline SCDs[

e Given: SCD word distribution, trained HMM to detect inline SCDs in text

* Estimate MPSCDs and use trained HMM to analyse sequence of
corresponding SCD similarity values
*  Small similarity values = different content 2 new inline-SCDs
* Inline-SCD = Content of window
* Inline-SCD represent new row in SCD word matrix

*  HMMs given as user input
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[5] Felix Kuhr, Magnus Bender, Tanya Braun, Ralf Méller: Context-specific Adaptation of Subjective [6] Felix Kuhr, Magnus Bender, Tanya Braun, Ralf Méller: Context-specific Adaptation of Subjective
Content Descriptions. 15th IEEE International Conference on Semantic Computing, (ICSC 2021) Content Descriptions. 15th IEEE International Conference on Semantic Computing, (ICSC 2021)
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Bootstrap Approaches for SCDs

H [5] ° . . . [6]
Inline SCDs Adapting SCD word distribution from another IR-corpus
e Given: SCD word distribution, trained HMM to detect inline SCDs in text H%
* Estimate MPSCDs and use trained HMM to analyse sequence of D,-
corresponding SCD similarity values
*  Small similarity values = different content 2 new inline-SCDs
* Inline-SCD = Content of window
. . . w1 w2 L Wn
* Inline-SCD represent new row in SCD word matrix _ ;
t o
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Inline SCDs Adapting SCD word distribution from another IR-corpus
* Given: SCD word distribution, trained HMM to detect inline SCDs in text H% H%
* Estimate MPSCDs and use trained HMM to analyse sequence of D,- Dj
corresponding SCD similarity values
*  Small similarity values = different content 2 new inline-SCDs
* Inline-SCD = Content of window adapted version
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Conclusion

Human-aware information retrieval
considering not only content of documents
and queries

Fully automated annotation approach
considering the human information need
represented by a corpus and SCDs

Approach for the bootstrap problem
considering inline-SCDs
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information need oriented tasks
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